Rashomon Capacity: Measuring
Predictive Multiplicity in Classification

Take-Away
1. Rashomon Capacity is a computationally tractable metric for
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Using a reference model and approximating the true Rashomon set by a Rashomon subset
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Rashomon Capacity can be computed by the Blahut—Arimoto (BA) algorithm

(a) CIFAR-10 dataset (b) AG News dataset (¢) UrbanSound8k dataset. (Acc: 83.47%) (Acc: 67.35%) (Acc: 69.91%) (Acc: 80.33%)



